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Social Media Mining is the process of representing, analyzing,
and extracting meaningful patterns from social media data
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poisson: p(k) = i‘(—’!‘e"‘, exponent: p(x) = Ce™™, power law: p(x) = Cx~
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BA model
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Clustering coefficient C =1/2

Graph diameter d = 8
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chapters = get_sanguo() #XAFIE LHPTEEHN—ZHX
7

print (chapters[0] [:106])
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entity mention dict, entity type dict = get sanguo entity dict()
print ("X|FHIEFRE: ", entity mention dict["X]&"])

print ("XI&H%E A", entity type dict ["XI&"])

print ("HHIKBA", entity type dict["H"])

print ("HHIEFRKE", entity mention dict["&H"])
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XEHierrE: ['X&E", "WKE', 'XE', FE’]
XEaEEH A%

BHREN HN

BHiEE "', "&X']
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ht = HarvestText ()
ht.add entities(entity mention dict, entity type dict)

# EHEE
print (ht.seg ("&8, FZXEAR, RXPKRZ, K KAB.

",standard name=True))
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doc = chapters[0].replace (“#”, “E#") # S GEFR
chl sentences = ht.cut sentences (doc) # 4l

doc _ch0Ol = [chl sentences[i]+chl sentences[i+l] for i in
range (len(chl sentences)-1)]1 #HXEHEHI_1Z4]

ht.set linking strategy(“freqg”)

# X B A E TN

G = ht.build entity graph(doc chO1, used_types=[“}&8”])
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