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SPARQL

# prefix declarations
PREFIX foo: <http://example.com/resources/>

# dataset definition
FROM ...
# result
clause
SELECT

# query pattern
WHERE ({

)
# query modifiers

ORDER BY ...
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EMNLP
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KDD

ﬂ\tﬂ
il

CHE: ATHS# XXF KRR

Publications in ACL2020 Groupd by Tracks

Name Entity Recognition

A

e Named Entity Recognition without Labelled Data: A Weak Supervision Approach

¢ [Improving Multimodal Named Entity Recognition via Entity Span Detection with Unified Multimodal Transformer
¢ Code and Named Entity Recognition in StackOverflow
® A Unified MRC Framework for Named Entity Recognition

e An Effective Transition-based Model for Discontinuous NER

¢ [Improving Low-Resource Named Entity Recognition using Joint Sentence and Token Labeling
e Multi-Cell Compositional LSTM for NER Domain Adaptation

e Pyramid: A Layered Model for Nested Named Entity Recognition

¢ Simplify the Usage of Lexicon in Chinese NER

e Bipartite Flat-Graph Network for Nested Named Entity Recognition

¢ Connecting Embeddings for Knowledge Graph Entity Typing
e Named Entity Recognition as Dependency Parsing

e Neighborhood Matching Network for Entity Alignment

* Single-/Multi-Source Cross-Lingual NER via Teacher-Student Learning on Unlabeled Data in Target Language

® FLAT: Chinese NER Using Flat-Lattice Transformer
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Antoine Bordes, Nicolas Usunier, Alberto Garcia-Duran, Jason Weston, Oksana Yakhnenko. Translating Embeddings for ModelingMulti-relational Data. In:
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Qizhe Xie, Xuezhe Ma, Zihang Dai, Eduard H. Hovy. An Interpretable Knowledge Transfer Model for Knowledge Base Completion. In:  Proc. of the 55th Conference of
Association for Computational Linguistics(ACL). Vancouver: Association for Computational Linguistics (ACL), 2017. 950-962.

Wen Zhang, Bibek Paudel, Wei Zhang, Abraham Bernstein, Huajun Chen. Interaction Embeddings for Prediction and Explanation in Knowledge Graphs. In:  Proc. of the 12th
ACM International Conference on Web Search and Data Mining(WSDM). New York: Association for Computing Machinery, 2019. 96-104.
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REMNFEIARASBERENRT AR

DeprecationWarning: invalid escape sequence \W

sentence = re.sub('\W+"', "', sentence).replace(" ", '")
Paddle enabled successfully
DEBUG:jieba. compat:Paddle enabled successfully
match(p)-[r@: 3 ]->(n:Person{Name: "X+ IE"}) return

p-Name,n.Name,p.cate,n.cate
p.Name | n.Name | p.cate |




