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CBDNet
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Fig. 2. Illustration of our CBDNet for blind denoising of real photograph.
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2.2.1 Faster R-CNN
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2.2.2 XARKENMLECTPN

2k vertical
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1. XFAVGG1 62 IR BN ZS [B)4F1E, TRAE16EEHIETRFFERIConvsE, MIHHER AN H x W x C;

2. R3x3K/NHIBEE O fEfeature map i E, BNE OBE33XCHIFHEEE, ENMNAEHMETARINESWEE, BWHHEE S
tf: N x Hx W x C (8caffe: N x H x W x 9C) ;

3. #feature map reshape’y (NH) x W X C, i ABLSTMHIZENE—FIV4FIE, HIHAERE I (NH) X W X 256, ShfGreshape’lN
X 256 X H X W;

4. MIANFCEERE, MHHEREAN X H X W X 512;

5. IARPNZE, Wi =197, WEBITHRA:

(1) EEN X H X W X 2k, kRiREMEEHMEBK T anchor, T anchor B2 %R, 3l AFILyELERve F1 SE vh;

(2) FEAN X H X W X 2k, kFRREBENMEREHALE Bk anchor, B anchor B2 AIERET;

(3) AN X H X W X k, kRRENMEEZELLEBKkanchor, H{anchor BY7KEE{Eside—refinementttffllo.

6. B5E|1R Ztext proposal, {FRHnmsKiTiEIEZ RAIbox;

7. FRETENXKRITHERE, FEIH—1T—1MHbox& H AT,
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® EANCRNNMEZLEHWB =845, NTEI LHKXA:
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N, MFEHNFHENFEREHRITFES, FHiEh TN
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1A 35 1= @
HEIEFRHIWER (2=, Word Error Rate) , iTEFZEZMEBRHERFE/IRANIEHBIE.
HpfErFoAR=MELR.: F (AIXxxr, IRNKEBHNHENEERHEANFTFNHE) \ 2F

(AR, IFEMBRMFHE) . 5F (HSER, HFEEHRNFHE) .
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Python—tesseract%-?ﬁﬁﬁﬂzj'ci?—f-'f 0% (OCR) HypythonT

B, BINE RS IR5IEHE '::'HA)\EI’Jfl%o Python-tesseract&
%JGoogle Tesseract OCRHI—EF 3., B ER A LIBEIME N

Iftesseract5|ZERIFAMA, XHFFEHRPIL

E (Python

Imaging Library) 1+ERE’J£W£F|LI1¢3§M @.?ﬁJpeg\ PNg\
gif. bmp, tiffAIEMIRI, . EABIKXEREBITEIL IR 7!
HHXEMIEEANBIXH. FTll&ZEKpytesseractBIBH TR

PILF1tesseract—orciX {1 & &=
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® Python 3. 6+
® PILE

® L% Google Tesseract OCR
® %% : windows/mac/linux, IR Z EWindows10
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% tocr2py > ..

import pytesseract

from PIL import Image

text = pytesseract.image to string{Image.open{r"C:\Users\LENOVO\Desktop\py\OIP-C (1).jfif"))
print(text)

S TR Y

LA



PS C:\Users\LENOVO\Desktop\py> ¢
her' '50643" "--' "c:\Users\LENOV
} China Intercontinental Press.

of War  Ps C:\Users\LENOVO\Desktop\py> ]

% China Intercontinental Press



-J - EEE—E——— O e W om O memaaSaS—T—" e W OEEmE SEE—m s C——

?F'EPPTX E‘T‘Tﬁ‘ ppt'i PS C: \UEEPE\LEM\DEEHG;}\{J}'} C

| STEPPTX ETOS.ppt

PS C:\Users\LENOVO\Desktop\py> ||



import pytesseract

from PIL import Image

text = pytesseract.image to string(Image.open(r C:\Users\LENOVO\Desktop\py\OIP-C (1).png'))
print(text)

Pl R e

PS C:\Users\LENOMO\Desktop\py> «<:; od 'c:\Users\LENOVO\Desktop\py'; & 'D:\python‘\python.exe" "
VO\ . vscode\extensions\ms-python. python-20822.2. 1924887327 \pythonFiles\1ib\python\debugpy'launche
-" “ci\Users\LENOVO\Desktop\py\tocr2.py’

RUM

import pytesseract
from PIL import Image

text = pytesseract.image to string(Image.open{r’C: \Users\LENOVO\Desktop\py\OIP-C (1).png"))
print(text)

PS C:\Users\LENOVO\Desktop\py> []
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« PaddleOCRE B EHFIERN—FET REZFESAocrnBEAlE, XTHIHIR RIS
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% paddleocrpy > ..

1 ocr = PaddleOCR{use_angle cls=True, lang="ch")
2

3 img path = r'C:\Users\LENCVO\Desktop\py\CXZHP$O7EKVRZ]LUG}8QBE E.png’
4

5 result = ocr.ocr{img path, cls=True)

6 for line in result:

7 | print(line)

3

g from PIL import Image
18 image = Image.open(img path).convert( RGE")
11 boxes = [line[@] for line in result]
12 txts = [line[1][@] for line in result]
13 scores = [line[1][1] for line in result]
14 im show = draw ocr(image, boxes, txts, scores)
15 im show = Image.fromarray(im show)
16 im show.show()

[
.



FEPPTX BT i8.pptx

PS C:\Users\LENOVO\Desktop\py> c:; cd

PS C:\Users\LENOVO\Desktop\py> ]



S \USEPS\LEﬂﬂ\DESktup\py} C:; cd "c:\Users\LENOVO\De:
her® '51459° "--" "¢:\Users\LENOVO\Desktop'\py\paddleocr.py

> Kurfistendamm
11-17
PS C:\Users\LENOVO\Desktop\py> [l
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D:\py38\python.exe C:/Users/750861/Desktop/paddleoccr.py
FilfEAddddocr, R EEFTIEANE,. TAEE wenanzhe.com
W ErEE = FeriR T

lediiEsefeapder (TEbE—aE A, HRFFEIES 2 i,

3n3d

Process finished with exit code B



D:\py38\python.exe C:/Users/75061/Desktop/paddleocr.py
FiliER ddddocr, AMBTEFENTLENE, ABEE wenanzhe.com
W ErEH R iR T

[EEtESE feapder i E—&iE A, HETEIES 7 hk:

Huk

Process finished with exit code 0
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Lorem ipsum dolor sit amet, consectetur adipisicing elit.Lorem
ipsum dolor sit amet, consectetur



