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Research on Text Sentiment Analysis

Abstract: Text emotion analysis is a research topic that has ansen rapidly in
recent years. This paper summarizes the present situation and progress of text
emotion analysis. From the classification of emotion, analysis can be divided
into based on the emotional dictionary method and machine leaming-based
approach.lt is focusing on elaborating on the dictionary to build some of the
methods and the introduction of these two methods and analysis. Besides, it
describes the text of the evaluation of emotional analysis |, proposing the future
research direction.
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