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Internet Hot Topic Detection Based on Topic Words

Abstract: There are mass of information produced by the metieeveryday, in order to get the hotspot from the
mass, this paper showed a quick and effectiveegtyabf the Internet hotspot topic detection basedapic
words extraction. Its basic content can be sumnpedsufollows: Firstly, we pretreatment the corpmsGhinese
word segmentation with ICTCLAS and use the scan dlgohased on the topic word dictionary and meahuing
string recognition algorithm to get the candidaipi¢-word set, then filter the topic words in actamce with
certain heuristic rules and calculate the weigtdstly, considerable and selective use is made efMeta
information of the web pages to hotspot event elugtiickly, because of the different charactersstitthe BBS,
News and Blog respectively, which obtains a rel&gibetter results in the experiment.

Keywords: topic words extraction; hot topic detection; clustg; public opinions; golaxy
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Function Hotspot_Event_Detection(int k)
BEGIN
TopicWords=ExtractTopicWords (D )i B 4 st 3= i 1]
SortTopicWords(TopicWords )it/
HotTopic(1)=TopicWords(1):#i — > == il ia] BRIA K 55— AN
Cluster(1)=clustering based on the thread of dWoirds(1);
for(i=1;i<sizeof(Topics);i++)
BEGIN
HotTopic(cnt)=Topics(i);# i /> 3B 55 ent A~ 16
Cluster(cnt)=clustering based on the threadopidWords(i);
ClusterTopicWords=ExtractTopicWords from Cluétet);
for(j=0 ; j<cnt ; j++)
if(Sim(Cluster(cnt),Cluster(j))>p)if 5 5 43 15 AL
{
Cluster(j)=cluster(j)L1 Cluster(cnt);
Continute;

}

Exit();
END
END
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Fig.1 the description of TWHTD algorithm
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Tab.1 The Test result of hot topic detection basedDT4
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Tab.2 the statistics of customer satisfaction index
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Tab.3 customer satisfaction index of running once
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